UOBKH, a brokerage firm headquartered in Singapore, offering a wide range of financial services including stockbroking, derivatives trading, investment advisory, wealth management, and corporate
finance. With a regional presence across Asia, it serves individual investors and institutional corporations.

Background Information

Due to large voluminous transactions faced by UOBKH and the lack of efficient process in place to flag out irregularities, UOBKH needs a better process to detect anomalies in trading transactions, and
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involves synthetically labeling the data. This
expansion enhances the project by allowing for a Transaction_freq_mean
more comprehensive analysis and deeper insights,
particularly with the incorporation of

customer-related data. Risk mean

machines. This enables potential
modifications to enhance their own anomaly
detection capabilities, thereby adding value
to existing processes.

Based on classification trees and regression models, we
extracted rules and significant variables and compared them
with the rules set previously to see if there are any
differences/similarities.

Itis interesting to note that transaction
amount is not a leading variable in
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discerning anomalies.




